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Social Intelligence: from Visualization to Clustering
This whitepaper is the continuation of a previous whitepaper titled “Creating Usable Customer Intelligence from Social Media data: Network Analytics meets Text Mining” and downloadable from the www.knime.org web site.
In that whitepaper, text mining and network analytics were combined together to provide a better description of each user of a forum in terms of leadership and sentiment. By using network analytics, an authority score was calculated for each forum user. Taking the authority scores into consideration, we could differentiate between users with a high level of leadership i.e. those with a high authority score and users with a high follower behavior i.e. those with a high follower score. Text mining was used to measure the attitude of each user in the forum.  Using the attitude measure, we could identify positive, neutral and negative users across a wide spectrum of positive- and negativeness. Combining the authority/follower score with the attitude measure, we were finally able to visualize on a scatter plot a few users with a high authority and a positive or neutral attitude and a few less users with a high authority and a negative attitude.
While visualization of users on a scatter plot allows us to isolate the more interesting extreme users, it helps neither with an automatic user characterization nor with the description of the remaining more average users. Therefore, in this whitepaper we reach to traditional data analytics in order to define a few groups with more general user features. Indeed, we identified a number of different clusters, including a very large cluster of inactive neutral users, a smaller cluster with positive and very active users, and an even smaller cluster with negative very active users. 

By identifying the cluster of very active and enthusiastic users, we have effectively identified “superusers” or “superfans”.  This group will be the most willing to support a topic (or product) and actively contribute to spreading the positive news. These are the users that you would want to keep informed about products and relevant community news. Particular care should be used towards the users in the small cluster of highly negative and active users, in order to listen to their complaints and act consequently if their complaints turn out to be real problems. And finally, neutral users or low activity users always need to be kept informed, especially if those are highly regarded users. Some of them might actually benefit from a little encouragement to move into the superfan circle.
Note: To enable our approach to be repeated by the reader, we have used the KNIME open source platform throughout this whitepaper. All data and workflows are available on the KNIME site at WWW.KNIME.COM.
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