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About us
At Diaceutics we believe that every patient should have access to 

the right treatment at the right time and are committed to solving 

commercialization challenges.

Unrivaled data 

Precision Medicine experts 

Deep analytics derived from multiple pipelines 

of real-world data enabled by DXRX – The 

Diagnostic Network®

Industry experience from working on every 

Precision Medicine brought to market with a 

company mantra to delight and not just deliver

A solution provider
Uniquely positioned to solve commercialization 

challenges and drive solutions to unlock superior 

value from your Precision Medicine strategy

A global network
Implementation network of industry leading 

service providers currently in 53 countries
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World leading 
global 

diagnostic 
testing Data 
Repository 

Field based 
team of 161 

experts

79+ disease 
indications

Experience 
working on 

>600 diagnostic 
projects

80+
Disease 

Diagnostic 
Pathways 

(DDPs)

Trusted by 39 of 
the world's

leading pharma 
companies

Implementation 
network

currently in 53 
countries

Diaceutics provides an end-to-end solution for the launch of Precision Medicine
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Claims Data: CMS & Commercial

Lab Result Data

Diagnostic Profiling Meta Data

We are HIPPA and GDPR compliant and able to commercialize our data.

EHR Data: Encounters Pharmacy Data

Diaceutics Data Lake
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Follow-upTreatmentDiagnoses

5

Pre-DiagnosesWellness

PCP Routine 
Lab Tests

ON/HEM Lab Test Diagnoses

Unusual 
symptoms/test 
results leads to 
specialist visit

ON/HEM Diagnoses

2nd opinion or 
treating 
physicianCPT Codes

ICD 10 Codes
Diagnosing 
Physician

Patient Demographics

CT Scan

X-Ray

Bronchoscopy

CPT Codes

Surgery Radiation

HCPCS Codes

CPT Codes

Chemo/IO 
Therapy Pharmacy Data - NDC

ON/HEM Diagnoses

Remission/Rela
pse follow-up 

visits

Comorbidities and symptoms:  
Available information based 
on diagnoses and physician 
visits

ICD Codes (1-12)

EHR Data
Dx

LOINC
SOMED

Pharmacy Data - NDC

SUBMIT/REMIT data – Reimbursement/Denial/Payer Tokenized

What can we see in our data?
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Some of our Data products

Physician 
Map (US)

Testing Rate 
Tracker

Lab 
Mapping and 

Market 
Landscape

Signal 
(US)

Patient 
Journey /
Leakage 
model
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Client internal use only. Not to be shared.

Clinically relevant rules:
How we get additional value out of our data
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DXRX classification example

• Healthcare data transactional in natural, raw form 
provides little insight by itself – all coded

• ICD10 billing codes: top level only

• Labels identify specific patient cohorts

• Allows creation of filters for:
• Internal, project specific, business analysts
• External DXRX platform for clients

• Speeds up the process of raw data to insight

• Provides reusable, validated labelled data

Why?

Key 
Learning

• Rules allow us to identify specific 
patient cohorts in our data e.g. 2L 
therapy

• Therefore we can draw enhanced 
insights from our data

• Rules differentiate us from our 
competitors

Why do we need labelling
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Importance of labelling
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All Cancer patients

Standard 
Chemo

Breast 
subtype 1

Precision Medicine

Breast 
subtype 2

Breast 
subtype 4

Breast 
subtype 3

Targeted 
drug 1

Targeted 
drug 2

Targeted 
drug 3

Targeted 
drug 4

Testing

Pre-2000 Current

More 
focussed 
subtypes

100% 68% 10% 10% 4% <1%Disease population

Key 
Learning

• Cancer patients no longer treated 
as one disease

• Subtypes respond differently to 
treatment based on their molecular 
classification

• Further investigation is uncovering 
subtypes within subtypes 
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Importance of labelling
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Lung Cancer Early stage Lung cancer Advanced stage Lung 
cancer

Addition of LabelsHealthcare data

Testing 
Rates

Patient 
Journey

Testing 
Rates

Patient 
Journey

Key 
Learning

• Without labels we can only  investigate 
lung cancer as a whole

• With labels we can get to the lung 
• cancer stage specifically
• Testing and treatment journeys will be 

different between the stages
• Our clients request specific stages

Lung Cancer by stage

Early Advanced Unknown
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Client internal use only. Not to be shared.

Case Study:
Identification of Advanced NSCLC patient cohort
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Enhanced data labelling: Stage of disease

All disease

Early stage
Advanced stage

Pharmacy Data
NDC codes

Medical claim
CPT codes

Medical claim
ICD codes

Primary ICD
Procedure codes
Secondary ICD
Pharmacy codes
Full validation: EHR
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Enhanced data labelling: inclusions and exclusions
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Lung cancer patients

1 X Primary ICD
C34.X

1 X Secondary ICD
Any

1 X Primary ICD
C34.X

Non-imfinzi
IO/chemo combo

EXCLUSION:
surgical resection (-30 days to +90 

days of 1st metastatic date)

EXCLUSION:
surgical resection (-90 days to 

+120 days of 1st IO date)

Metastatic Diagnosis Date = 
minimum (date of secondary 
malignancy diagnosis code, First 
date of Non-Imfinzi IO + chemo 
usage)

EXCLUSION:
RT or CRT block after completion 
of non-imfinzi IO & chemo combo 

RT Block:
≥10 treatments within a 60-day 

period

CRT Block:
120 days prior to chemo and 14 

days  post chemo

mLung cancer 
cohort 

Data Insights
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Case Study: Advanced Lung Cancer Rule
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250K patients

50K patients
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Case Study: Advanced Lung Cancer Rule

15

250K patients

50K patients



16

Case Study: Advanced Lung Cancer Rule
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250K patients

50K patients



17

Case Study: Advanced Lung Cancer Rule
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250K patients

50K patients
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Case Study: Advanced Lung Cancer Rule
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250K patients

50K patients
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Power of labelling
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Lung Cancer
250K Early Stage Lung

Advanced Stage 
Lung

Newly Dx Lung 1L Lung

2L Lung

3L Lung

mLung
50K patients

Patient journey in 
mLung

very diluted
Enhanced data 

insights

Lung Cancer labels

Claims data Labelled Claims 
data

Key 
Learning

• PM drugs targeted towards 
specific patient subtypes

• Labels allow us to identify 
those specific subtypes

• Enriched analytics and 
insights for our clients
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Identifying patient cohorts summary

Be
fo

re
 K

N
IM

E • Basic rule sets
• Wait for software 

engineers to code 
complex rules for each 
project

• Translation between 
clinical ask and the 
logical code was 
problematic

AF
TE

R
 K

N
IM

E • More complex rulesets
• Increase in project 

throughput
• Clinically minded folks 

create the rules 
visually, no translation 
errors
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