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National Tumor Assistance (ANT) Foundation
https://ant.it/

v" One of the largest European Organization in the field of
home supportive and palliative care for cancer patients.

v' The mission is to offer the possibility of spending the last
period of life in one’s living environment.

v" Multidisciplinary teams of physicians, nurses, psychologists,

and volunteers assist patients and their caregivers at home
during the different stages of the cancer disease.

v The home care model employs a hospital-at-home
approach, a free service for the patients which is offered in
agreement with the NHS in over 11 Italian regions (29 cities).
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v The database included data exported from
the clinical elecironic records (25 parameters)
of 10.000 advanced cancer patients assisted
by ANT Foundation during 2020 and 2021.

v The censored data from 7.150 patients

assisted until death were considered for
the analysis.
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https://www.vitaever.com/vitaever/




Define predictive models (assistance duration, care

intensity and pain therapy) for clinical practice to improve
the organization of multidisciplinary teams, facilitate
treatment planning, optimize resource allocation and

maximize the impact of care for patients and their families.
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The starting database:
from Vitaever to Excel

E

G

H

]

K

]

.FONDAZIONE

NT

FRANCO PANNU

M (o] P

valore

data_inizio_assistenza

diagnosi

data_rilevazione N.sintomo astenia dispnea

vomito

alvo

dolore_nrs farmaco_fisso farmaco_bisogna

226328
226328
226349
226349
226349
226349
226349
226349
226349
226349
226349
226474
226474
226474
226474
226474
226474
226474
226474
226474
226474
226474
L226274

BARI
BARI

09/01/2020
03/01/2020

tumori maligni di altre sedi specificate della pleura

tumori maligni di altre sedi specificate della

MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD
MARCHE SUD

17/01/2020
17/01/2020
17/01/2020
17/01/2020
17/01/2020
17/01/2020
17/01/2020
17/01/2020
17/01/2020

tumori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumaori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumori maligni primitivi del fegato
tumori maligni primitivi del fegato

leura

09/01/2020

1

v

2

v

1

v
assente

stipsi

0 nessuna nessuna

17/01/2020
23/01/2020
05/02/2020
10/02/2020
14/02/2020
28/02/2020
30/03/2020
01/04/2020

assente
r
assente
r
assente

assente
assente
assente

r
nausea

4
nausea

regolare

regolare
regolare
regolare
regolare
regolare
stipsi
stipsi

nessuna nessuna

nessuna nessuna
nessuna nessuna
nessuna nessuna
FANS/Paracetamolo
FANS/Paracetamolo
FANS/Paracetamolo

morfina

nessuna
nessuna

TY OYTOY YT

5 oppiacei minori

Non valutabile| oppiacei maggiori

PESARO
PESARO
PESARO
PESARO
FESARO
PESARO
PESARO
PESARO
PESARO
FESARO
PESARO
PESARD

02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
02/01/2020
0270172020

tumori maligni del colon,non specificato
tumari maligni del colon,non spec
tumori

tumaori maligni del colon,non specificato
tumori maligni del colon,non speci
tumaori

tumori maligni del colon,non specificato
tumori maligni del colon,non specificato
tumori maligni del colon,non specificato
tumori maligni del colon,non specificato
tumaori maligni del colon,non specificato
Iumori

e

02/01/ 2020
07/01/2020
10/01/2020
05/03/2020
08/06/2020
13/07/2020
21/07/2020
06/08/2020
11/08/2020
14/08/2020
18/08/2020
24/08/2000

(- RN - RV I S TR RS | RN - VL I S TUREE 5]

bt I O B B B B B B B B B |

bt I O B B B B B B B B B |

nausea

r
assente

r
assente

assente
assente
assente

r
assente

assente
assente
assente

r
assente

r
assente

regolare
regolare
regolare
regolare
regolare
regolare
regolare
regolare
regolare
regolare
regolare

nessuna marfina

nessuna nessuna
nessuna nessuna
nessuna nessuna
FANS/Paracetamolo
FAMS/Paracetamolo

nessuna

b I B B B |

nessuna
1} nessuna
Non valutabile
Non valutabileolo FANS/Paracetamolc FANS/Paracetamolo
1] iolo FANS/Paracetamolc FANS/Paracetamolo

;0lo FANS/Paracetamolc FANS/Paracetamolo

nessuna

nessung

A= inn fmnan

El = =T o T = = T = = T = T = R =

0
(1] ;olo FANS/Paracetamolc FANS/Paracetamolo
(1]




5 *3: ANT_finale_mio_prova_vecchi_dati X

Data processing
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An ordered sheet with one row for
each patient
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Survival analysis ANT
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Exploratory data analysis: Cox-regression to evaluate the assistance
duration based on diagnosis, age, sex, and geographical area.




Mean and median of assistance duration (days)
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May we create predictive models for the

care duration and intensity?

O We used all data from most of the patients to create the model.

O We verified the quality of the model using 12 patients
considering only the data at the admission and integrating them
with data from the assistance pathway of patients with similar
clinical condition and sociodemographic characteristics.

O We used two algorithms: XGBoost and AutoML.




Admission data inte
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Prediction of assistance duration
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predictive models for the care

durafion and intensity.

O We integrated the starting data of the patients with
similar samples from the full database to create the
model.

O We have two results from the workflow: the initial
infegrated data and the prediction from the algorithm.

O We use this prediction to prepare our resources forecast.
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Predictive model for assistance duration
and for the number of physician visits
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Predictive model for the pain therapy.
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Therapy for baseline pain

KNINIE Report Knime report powered by Birt

e | Paintherapy' | “Prediction (Pain therapy)"
453830 None None

454208 None  |Nome

454930 None |stongopioids

455646 None  |Nome

455844 Strong opioids Strong opioids

456364 None [N

457098 Strong opioids Strong opioids

457170 None  [Neme

457204 Codein or tramadol Strong opioids
457890 Paracetamol or NSAIDs Strong opioids
459462 None None
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4GANT Karnofsky Performance Status (KPS)

Normal, no complaints, no evidence of disease.

Able to carry on normal activity; minor signs or symptoms of disease.

Normal activity with effort; some signs or symptoms of disease.

Care for self; unable to carry on normal activity or to do active work.

Requires occasional assistance, but is able to care for most of his/her personal needs.
Requires considerable assistance and frequent medical care.

Disable; requires special care and assistance.

Severely disabled; hospital admission is indicated althogh death is not imminent.
Very sick; hospitaladmission necessary; active supportive treatment necessary.
Moribund; fatal processes progressing rapidly.

Dead.




Disease trajectory
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Functional status and pain therapy.

Therapy for baseline pain, (% use)
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O Refine these predictive models and supply them with the data
of the new patients entering in care to obtain a tool always
updated and infegrated into clinical practice.

O Deepen the study of disease trajectories to offer a more and
more appropriate and timely care tailored on the
multidimensional needs of the patient during all phases of the

disease.



The feedback messages of the families
assisted by the ANT Foundation
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